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TpExov Katavoun NpoutroAoyiouou

ApxIko¢ TTpouTtroAoyiopog EK AOHNA: 150.000€
Eiopocc:
o 20/07/2018, 60.000€, NMpokaTaBoAn £épyou (40%) amé EYAE-ETAK
o 23/07/2020, 29,649.27€, Evdidueon d6on
e [lpouTtroAoyiopog ouddag Epyou pe ouppaoccig: 131,198.91€
o KaBapd: 122,625.34€ (+ PI1A 8,573.57€)
e [lpoutroAoyiopocg Aoimrwyv €¢6dwv: 10,233.55€
o E&omAiopog: 7,256.45€
o AvaoAwolua: 534.44€
o Tagidla: 575.56€
o @rI1A: 1,867.10€
EowTtepikdg davelopos EK AOHNA: 63,516.81€
o EK Twv otroiwv, n Trpounscia tou gopca cival: 17,107.77€
ExTigwpevo TEAIKO TTOCO atroppo®nong: 149,966.66 (99.98%)
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2 UJ[Baalouyol Epyou

2UMBACEIC TTPOCWTTIKOU (UE XPOVOAOYIKNA OEIpq):
o [lauAog E@paipidng, 6/8/2018
o 2wTAplog NuetdtToUuAog, 14/12/2018
o [ewpyloc Apoodarog, 01/01/2019
o lewpylog ZTapateAdarog, 01/01/2019
o EA&vn MTrpidAa, 01/01/2019
o Avdpéac 2évdopog, 01/11/2020
o BaaoiAeiog MNMepipavng, 01/01/2021
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Current Publications and Reports

Giorgos Stamatelatos, George Drosatos, Sotirios Gyftopoulos, Helen Briola and Pavlos S.
Efraimidis. Point-of-Interest Lists and their Potential in Recommendation Systems.
Information Technology & Tourism, 23(1), Springer, 2021 (Online)

Giorgos Stamatelatos, Pavlos S. Efraimidis. About Weighted Random Sampling in
Preferential Attachment Models. arXiv preprint, arXiv:2102.08173v1, 16 Feb 2021 (Online)

Antonios Dimitriadis, George Drosatos and Pavlos S. Efraimidis. How much does a zero-
permission Android app know about us?. In proceedings of the 3rd Central European
Cybersecurity Conference (CECC 2019), ACM, Munich, Germany, 14-15 Nov 2019 (Online)

ANAAEIZTO - E.K. AGHNA - 05/03/2021


https://doi.org/10.1007/s40558-021-00195-5
https://arxiv.org/abs/2102.08173v1
https://doi.org/10.1145/3360664.3360671

PoiGraph
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Updated Database Data + API

e ~50K POls, 10 prefectures

e Potential of 1250 POls / day (insertion + update)

e Majority of POIls only update

e Links with Twitter, Instagram, Tripadvisor

e New APIs for recommendation based on Foursquare Lists

e Part of the dataset is now published
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Research Results




Point-of-Interest lists/Potential recommendation systems

e Novel use of LBSN lists for recommendation
e Lists: collections of semantically related POls
o Can capture certain aspects, most obvious temporal, spatial can categorical (e.g.
“Best street food in Thessaloniki 2019”)
e Estimate similarities among POls via the lists
o Set theoretic, graph theoretic or statistical measures
e Intuition: Recommend the most similar POls to the POls that the user finds interesting

e Exact formula is the weighted sum of a POI x with all POls in the profile
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Similarity Measures

8 Name Formula Description
- 1 - -

an Adamic zte.\'” fog(n]) Adamic/Adar index

is Intersection iy Number of common lists

, " . .

jac  Jaccard TToTnrorEe Intersection over union

ka Modified MI Karagiannis et al. (2015) Modified MI

ku  Kulezynski-2 "“,;r'r—:’:"ﬁ Intersection over harmonic mean

='W

mi  Mutual Information  Manning et al. [2008) Mutual Information of sets

cos  Ochiai u-"::;rTy Cosine .hi'unihfril,_!r- or intersection
over geometric mean

r m . " i
o Overlap min(ne ) Intersection over minimum
i Phi Dt the Tt Pearson correlation coefficient
Vnes(n—mng)s(n—ngleny
ar SimRank Jeh and Widom (2002) Iterative calculation of SimRank
f1 Sorensen rr‘i_:_‘-;';— Sorensen-Dice index or F1 score
Ny

or intersection over arithmetic
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Operation Schema

e Pairwise similarities are actually a

complete graph.
e Users state their preference and ask
the recommender to predict their

preferences on other POIs.
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Operation Schema
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Evaluation

| HER | *=* BT HRE
0.8 0.8
0.6 [

pP@s
NDCG@5

0.4 0.4}

0.2} 0.2}

oL o
FTFLLLEENFIESE FFILLENFIES L

ANAAEIZTO - E.K. AGHNA - 05/03/2021

Intsrmtan Techaslagivs



Work in Progress:
Social Profile Data Collection Apps
Federated Collaborative Filtering in Tourism
Yelp dataset




Social Profile Data Collection Apps




Utilizing the User’s Social Profile for Recommendations: The TwitterRetrieval App

e The aim of the app: to collect data from the

user’s profile in Twitter in order to be used

as input in recommendation algorithms
e The TwitterRetrieval App

o Main Idea: The user’s timeline in
Twitter can provide insight about the
user’s inclinations.

o A user follows Twitter accounts that
reflect his own preferences.

Z | 17
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Utilizing the User’s Social Profile for Recommendations: The TwitterRetrieval App

e App’s features

o The user logs in to a Twitter account.

o The app retrieves the recent tweets of B -
his timeline (based on the Twitter API SO ATABASE WTH SR

HARVIST STATS

restrictions — 800 tweets)
o The app is periodically executed to
every 15 minutes without the user’s

intervention to retrieve recent tweets

(cumulative database).
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Utilizing the User’s Social Profile for Recommendations: The TwitterRetrieval App

e App’s features

o The database is stored only on the

user's phone (privacy preserving).

oo ax 5 for Sceptic
ko, 3361906631

SEND DATABASE WITH EMARL

o Avallable statistics about the harvest

HARVEST S5TATS

activity of the app.

o The user can send the collected

Harvested Tweets 22944

database via email. P T Fah O 164131 it 0200

el Wed Mar 00 185901 GMT«02.00
2021

Harvest oycles 344
Last Harvest o1 2021-00-03 18952

o Upon logout, the collected data are

deleted.
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Facebook App

User Feed
User Places
User Likes

User Events

Qo

SocialSiteLogin

User Id : 10221796698841272

SEND DATABASE WITH EMAIL
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Database Schema

place_id varchar id varchar
id varchar name r¢ name
name city -

untry place_id
place id tituge st
ongnudce l
street
=R -
id varchar
name
about
checkir
description

=i
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Federated Collaborative Filtering in Tourism

e Distributed Learning using a Federated Learning approach
e Ultilize users’ check-ins and friendship from social media
e Personal data of users is stored on their personal devices

e Comparison with centralized approaches to accuracy loss
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Federated Learning

e Multiple clients want to collaboratively train a model
e Each client downloads the global model from server

e Clients train the model locally and shares their updates

e The server combhines the 1indates hv takinao an averane

Server
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Federated Recommendations Systems

User device 1
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Federated Learning Challenges

e Unbalanced Data
o Each node may have unequal amount of data

e Limited Communication
o Devices may go offline unexpectedly

System Issues
o Power consumption, data transfer cost

e Privacy Issues
o Adversary cannot inspect data, but can inspect the global model
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Social Networks as Sources for Touristic Information: The Yelp Case

e Yelp is an online review application for local businesses.
e \Worldwide presence in 32 countries and the USA (219 cities)
e Yelp dataset for research:
o 1.968.703 users
o 160.585 businesses
o 8.021.122 reviews
o 8 metropolitan areas
o 102.461.451 friendships amongst users
e Our goal: To utilize the dataset in order to develop innovative algorithm for touristic

information extraction and recommendation
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Social Networks as Sources for Touristic Information: The Yelp Case

e 1st approach:
o Extract users’ preferences from the
activity of their friends

Random Walks

e 2nd approach:
o Detect business similarities based on
users’ activity and classification in

categories

User

Business

¢

Category

has reviewead

_‘-
belongsto

—
is friend with
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